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Figure 2. Representation of tsunami from off-to-on-shore and methods
Open questions?

This current work culminates into an optimization problem of sorts, where our means are limited by the available data, modelling
methods and computational resources. The avenue of data driven methods and ML brings new possibilities and have shown great
potential as seen in recent examples for tsunami forecasting but with respect to PTRA: Can we design experiments efficiently to
train the machine learning algorithms to offset the computational cost? Develop a smart hybrid solution utilizing traditional
modelling with machine learning methods? Are we reducing the uncertainty by adding such black-boxes in our modeling chain ?
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Figure 3. A word cloud of methods used in probabilistic tsunami hazard modelling
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